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def preprocess_data(raw_data):
cleaned data = remove outliers(raw_data)
cleaned data = handle missing_values(cleaned data)
normalized data = normalize features(cleaned data)
augmented data = data_augmentation(normalized data)
return augmented_data
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def feature extraction(cleaned data):
pca_features = apply pca(cleaned data)
wavelet features = wavelet transform(cleaned data)
statistical features = compute_statistics(cleaned data)
combined_features = np.concatenate([pca_features, wavelet features, statistical features], axis=1)
return combined_features
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def model_training(features, labels):
rf_model = RandomForestClassifier(n_estimators=100, max_depth=10, random_state=42)
rf_model.fit(features, labels)
return rf model
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def main():
raw_data = load_data('path/to/data.csv')
preprocessed data = preprocess_data(raw_data)
features = feature extraction(preprocessed data)

labels = extract labels(raw_data)

X train, X test, y train, y_test = train_test split(features, labels, test size=0.2)

model = model training(X_train, y train)

predictions = model.predict(X _test)

accuracy = evaluate_model(predictions, y_test)

print(f"Model accuracy: {accuracy}")
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6.3 FWERD
6.3.1 Linux Ti{ H % ¥z 25 1R
Linux Project Evaluation Results

Metric Value
Accuracy 0.85
Precision 0.82

Recall 0.84
Fl-score 0.83
AUC-ROC 0.91
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6.3.2  Rust T H #4553

Rust Project Evaluation Results

Metric Value
Accuracy 0.82
Precision 0.79

Recall 0.81
Fl-score 0.8
AUC-ROC 0.88
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